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3 <4,3,|<3.,2, |<re, 1, 2, | <4,3, | <3.,3, | <rs, 16, €1y Ti2s

2,5> | 3.3> [copiss,e> | 2,4> | 4,4> | ru,co,pr,s,e>

<5,1, | <4,5, |<rs, ¢y 1, | <5,2, | <4,4, | <rs, 13, €4y T2y
5,6> | 3,4> |cr,ps,s.e> 4.5> | 3.4> |ru.ci,ps,s.e>

<3,4, | <3,2, | <ri, po, ris, | <2,4, | <3,2, | <rs, 4y ps, iy
4,5> | 3.3> |pod,ts,e> | 2,4> | 2,2> | ri,puo,d.b,e>
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Construction of Adaptive Learning Path Supported by Artificial Intelligence
KONG Weiliang, HAN Shuyun, ZHANG Zhaoli

Abstract: With the advent of “Internet + Education” era, e-learning has been widely accepted, and how to
provide personalized learning support services for e—learning learners has become the focus of the academic
attention. The adaptive learning path can recommend personalized learning resources and learning activities
sequences to learners according to their characteristics, which is an important means to achieve personalized
learning. In order to construct adaptive learning path intelligently, an adaptive learning path construction model
supported by artificial intelligence is proposed, which includes learners’ model library, learning process database,
adaptive learning path construction engine and other core functional modules. In the implementation of the model,
firstly, the cognitive style and knowledge level are used to describe learners’ characteristics and do similarity
calculation; then, the similar learners’ historical learning paths and test scores are extracted to construct the
learning path map; finally, an improved ant colony algorithm is used to mine the optimal learning path from the
learning path map for the target learners. The experimental results show that the proposed model can generate a
concise and accurate adaptive learning path from the complex learning resources and activities, which can not only
effectively solve the problems of learning confusion and cognitive overload, but also promote the efficient use of
learning resources. Moreover, the adaptive learning path constructed by this model can greatly improve learners’
learning efficiency, learning performance and learning satisfaction, which facilitates learners to construct,
internalize and transfer knowledge.

Keywords: Artificial Intelligence; Adaptive Learning Path; Personalized Learning; Learning Style; Knowledge
Level; Improved Ant Colony Algorithm
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